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Pressing and holding the key will yield an impulse-like articulation, and releasing the key will let the
damper touch the string quickly, thus the sound ceases. .
Onset New Mismatch Introduced by Peak Removal
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With sustain pedal: 555%; : ] Although peak removal operation removes notes extended by the sustain pedal in the audio
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The system is based on the state space model proposed in [1]. The goal of the system is to infer the score f . Time p(y. | o): with support from B4
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formulated as an online inference problem of hidden states of a hidden Markov process, as fig.2 shows. (a) Figure.7 (c) Output oL, !
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Observation model evaluates N | Conclusion: Peak removal operation reduces the mismatch caused by the sustain-pedal effects at the
the match between an audio frame o Lo hal & N expense of introducing potential new mismatch caused by the removal of notes whose keys have not
and the hypothesized state on the 05 | been released. However, this operation still helps the system to favor the correct score position even in
pitch content. This is calculated 0 : /@ . ~ I this case
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For piano music played with sustain pedal, frames within a period after a detected onset are potential — — L + 0 —— ——"
unfaithful frames due to the sustain-pedal effects. We apply a spectra-based onset detection method in 50 De\)iggon Toleranc1e5(()ms) 200 .
feature extraction part to locate unfaithful frames and remove spectral peaks in these frames from
sustained sound. Fig.4 shows a detailed feature extraction flowchart. Result on real music recordings:
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