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Background

Singing Voice Deepfakes are raising public and industry concerns.
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"l think artists should be more afraid," one producer says.

By Nathan Smith, Emily Lippiello, and lvan Pereira

November 3, 2023, 2:44 PM
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Will A.I. Replace Pop Stars?

An A.l.-generated track with fake Drake and the Weeknd vocals
went viral. Would you listen to a song sang by a computer?

WildSVDD: Singing Voice Deepfake Detection in the Wild

Datasets collected from media platforms

Previous work: SingFake [1] proposed the novel task of SVDD,
presented the SingFake dataset, and identified several challenges.
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Challenge results: Overview of the top-8 ranked submission results
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