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the demonstrated expert behavior, i.e. the
Chinese folk melodies.

Style: Closer to Chinese folk datasets, in some statistics and distribution
distance, e.g. pitch interval (P1), pitch class histogram (PCH).

Counterpoint interaction: Higher key consistency between human and
machine parts, higher inter-reward.

' function underlying the
l observed expert behavior.

or with accompaniments that are Into a meaningful and
less melodic.
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(a) The note-based representation, the network architectures of (b) Style-Rewarder and (c) Generator.
p-emb, d-emb and b-emb represent pitch/duration/beat embedding modules, respectively. GRU represents the
Gate Recurrent Unit, and fc stands for the fully-connected layer.

« Measure counterpoint interaction using mutual information



